As one part of our work in ordered information systems, distribution reduction is studied in inconsistent ordered information systems (OISs). Some important properties on distribution reduction are studied and discussed. The dominance matrix is restated for reduction acquisition in dominance relations based information systems. Matrix algorithm for distribution reduction acquisition is stepped. And program is implemented by the algorithm. The approach provides an effective tool for the theoretical research and the applications for ordered information systems in practices. For more detailed and valid illustrations, cases are employed to explain and verify the algorithm and the program which shows the effectiveness of the algorithm in complicated information systems.
Introduction
In Pawlak's original rough set theory [1] , partition or equivalence (indiscernibility) is an important and primitive concept. However, partition or equivalence relation, as the indiscernibility relation in Pawlak's original rough set theory, is still restrictive for many applications. To address this issue, several interesting and meaningful extensions to equivalence relation have been proposed in the past, such as neighborhood operators [2] , tolerance relations [3] , and others [4] [5] [6] [7] [8] [9] [10] . Moreover, the original rough set theory does not consider attributes with preference ordered domain, that is, criteria. In many real life practices, we often face problems in which the ordering of properties of the considered attributes plays a crucial role. One such type of problem is the ordering of objects. For this reason, Greco et al. proposed an extension rough set theory, called the dominance based rough set approach (DRSA), to take into account the ordering properties of criteria [11] [12] [13] [14] [15] [16] . This innovation is mainly based on substitution of the indiscernibility relation by a dominance relation. Moreover, Greco et al. characterizes the DRSA and decision rules induced from rough approximations, while the usefulness of the DRSA and its advantages over the CRSA (classical rough set approach) are presented [11] [12] [13] [14] [15] [16] . In DRSA, condition attributes are criteria and classes are preference ordered. Several studies have been made about properties and algorithmic implementations of DRSA [10, [17] [18] [19] .
Nevertheless, only a limited number of methods using DRSA to acquire knowledge in inconsistent ordered information systems have been proposed and studied. Pioneering work on inconsistent ordered information systems with the DRSA has been proposed by Greco et al. [11] [12] [13] [14] [15] [16] , but they did not clearly point out the semantic explanation of unknown values. Shao and Zhang [20] further proposed an extension of the dominance relation in incomplete ordered information systems. Their work was established on the basis of the assumption that all unknown values are lost. Despite this, they did not mention the underlying concept of attribute reduction in inconsistent ordered decision system but they mentioned an approach to attribute reduction in consistent ordered information systems. Therefore, the purpose of this paper is to develop approaches to attribute reductions in inconsistent ordered information systems (IOIS). In this paper, theories and approaches of distribution reduction are investigated in inconsistent ordered information systems. Furthermore, algorithm of matrix computation of distribution reduction is introduced, from which we can provide a new approach to attributes reductions in inconsistent ordered information systems.
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The rest of this paper is organized as follows. Some preliminary concepts are briefly recalled in Section 2. In Section 3, theories and approaches of distribution reduction are investigated in IOIS. In Section 4, we restate the definition of dominance matrix in ordered information systems and step the matrix algorithm for distribution reduction acquisition. Preparations are implemented to place the algorithm and the program is designed. The algorithm and the corresponding program we designed can provide a tool to theoretical research and applications of criterion based information system. Cases are employed to illustrate the algorithm and the program in Section 5. It is shown that the algorithm and program are effective in complicated information system. Furthermore conclusions on what we study in this paper are drawn to understand this paper briefly.
Ordered Information Systems
The following recalls necessary concepts and preliminaries required in the sequel of our work. Detailed description of the theory can be found in [11] [12] [13] [14] [15] [16] .
An information system with decisions is an ordered quadruple I = ( , ∪ , , ), where = { 1 , 2 , . . . , } is a nonempty finite set of objects; ∪ is a nonempty finite attributes set; = { 1 , 2 , . . . , } denotes the set of condition attributes; = { 1 , 2 , . . . , } denotes the set of decision attributes, ∩ = ; = { | → , ≤ }, ( ) is the value of on ∈ ; is the domain of , ∈ ; = { | → , ≤ }, ( ) is the value of on ∈ , is the domain of , ∈ . In an information system, if the domain of an attribute is ordered according to a decreasing or increasing preference, then the attribute is a criterion. An information system is called an ordered information system (OIS) if all condition attributes are criterions.
Assume that the domain of a criterion ∈ is completely preordered by an outranking relation ⪰ ; then ⪰ means that is at least as good as with respect to criterion . And we can say that dominates . In the following, without any loss of generality, we consider condition and decision criterions having a numerical domain; that is, ⊆ R (R denotes the set of real numbers).
We define ⪰ by ( , ) ≥ ( , ) according to increasing preference, where ∈ and , ∈ . For a subset of attributes ⊆ , ⪰ means that ⪰ for any ∈ . That is to say dominates with respect to all attributes in . Furthermore, we denote ⪰ by ≥ . In general, we indicate an ordered information system with decision by I ⪰ = ( , ∪ , , ). Thus the following definition can be obtained.
Let I ⪰ = ( , ∪ , , ) be an ordered information system with decisions, for ⊆ ; denote
⪰ and ⪰ are called dominance relations of information system I ⪰ . If we denote
then the following properties of a dominance relation are trivial. Let ⪰ be a dominance relation. The following properties hold.
(1)
⪰ is reflexive and transitive, but not symmetric, so it is not an equivalence relation.
For any subset of , and of I ⪰ , define For an ordered information system with decisions I ⪰ = ( , ∪ , , ), if ⪰ ⊆ ⪰ , then this information system is consistent, otherwise, this information system is inconsistent (IOIS). Example 1. An ordered information system is given in Table 1 .
From the table, we have
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Obviously, by the above, we have ⪰ ̸ ⊆ ⪰ , so the system in Table 1 is inconsistent.
For a simple description, the following information system with decisions is based on dominance relations, that is, ordered information system.
Theories of Distribution Reduction in Inconsistent Ordered Information Systems
Let I ⪰ = ( , ∪ , , ) be an information system with decisions, and ⪰ , ⪰ dominance relations derived from condition attributes set ⊆ and decision attributes set , respectively. For ⊆ , denote
where
Furthermore, we let ⪰ ( ) be a distribution function about attributions set and ⪰ ( ) maximum distribution function about attributions set .
Definition 2. Let = ( 1 , 2 , . . . , ) and = ( 1 , 2 , . . . , ) be two vectors with dimensions. If = , ( = 1, 2, . . . , ), we say that is equal to and is denoted by = . If ≤ , ( = 1, 2, . . . , ), we say that is less than and is denoted by ≤ . Otherwise, if it exists 0 ( 0 ∈ {1, 2, . . . , }) such that
, we say is not less than and it is denoted by ≰ , such as (1, 2, 3) ≰ (1, 1, 4) and (1, 1, 4) ≰ (1, 2, 3). From the above, we can have the following propositions immediately.
Proposition 3. Let
we say that is a distribution consistent set of I ⪰ . If is a distribution consistent set, and no proper subset of is a distribution consistent set, then is called a distribution consistent reduction of I ⪰ .
Definition 5. Let I ⪰ = ( , ∪ , , ) be an inconsistent information system. If ⪰ ( ) = ⪰ ( ), for all ∈ , we say that is a maximum distribution consistent set of I ⪰ . If is a maximum distribution set, and no proper subset of is a maximum distribution consistent set, then is called a maximum distribution consistent reduction of I ⪰ .
Example 6. For the system in Table 1 , if we denote
then we can have
;
for all ∈ , so that ⪰ ( ) = ⪰ ( ) and ⪰ ( ) = ⪰ ( ) are true and = { 2 , 3 } is a distribution consistent set of I ⪰ . Furthermore, we can examine that { 2 } and { 3 }are not consistent sets of I ⪰ . That is to say = { 2 , 3 } is a distribution reduction and is a maximum distribution reduction of I ⪰ . Moreover, it can easily be calculated that = { 1 , 3 } and = { 1 , 2 } are not distribution consistent sets of I ⪰ . Thus there exist only one distribution reduction and maximum distribution reduction of I ⪰ in the system of Table 1 , which are { 2 , 3 }. The Scientific World Journal
The distribution consistent set and the maximum distribution consistent set are related in the following theorem. :
Then we have ⇒ .
Proof. We will prove ¬ ⇒ ¬ . Assume that when The distribution consistent set requires that the classification ability of the consistent remains the same with the original data table. That is, ⊂ , which is a distribution consistent set of , must satisfy the fact that [ ] ⪰ = [ ] ⪰ holds for any ∈ . This is very strict and other reductions studied in [21] may not reach this special condition.
Matrix Algorithm for Distribution Reduction Acquisition in Inconsistent Ordered Information Systems
In this section, the dominance matrices will be put as a restatement and matrices will be employed to realize the calculation of distribution reductions.
Definition 9. Let I ⪰ = ( , ∪ , , ) be an ordered information system, and ⊂ . Denote
The matrix is called dominance matrix of attributes set ⊆ . If | | = , we say that the order of is .
Definition 10. Let I ⪰ = ( , ∪ , , ) be an ordered information system and and are dominance matrices of attributes sets , ⊆ . The intersection of and is defined by
The intersection defined above can be implemented by the operator ". * " in Matlab platform, ∩ = . * , that is, the product of elements in corresponding positions. Then the following properties are obvious.
Proposition 11. Let
, be dominance matrices of attributes sets , ⊆ ; the following results always hold.
(1) = 1.
From the above, we can see that a dominance relation of objects has one-one correspondence to a dominance matrix. The combination of dominance relations can be realized by the corresponding matrices and the dominance relations can be compared by the corresponding matrices from the following definitions. In the following, we give the preparation of matrix computation for distribution reductions in ordered information systems. Step 3. Check the consistence of the information system
where ". * " is the operator in Matlab platform. If ≤ , the system is consistent, terminate the algorithm. Else the system is inconsistent, go to the next step. If = , is a consistent set, store the set into the temporary storage cell. Else fetch another subset of and repeat this step. Calculate till all subsets of are verified, then go to the next step.
Step 5. Sort the consistent sets in the storage cell and find out the minimum consistent sets which are just the reductions. Output all reductions and terminate the algorithm. holds for any and . We can obtain that ⪰ ( ) = ⪰ ( ) holds for any . That is, is a distribution consistent set.
To acquire reductions in inconsistent ordered information system, the matrices can be the only forms of storage in computing. And we illustrate the progress to calculate the reductions as shown in Algorithm 1.
The algorithm and the distribution reduction allow us to calculate reductions which keep the classification ability the same with the original system in a brief way. And we do not need to acquire every approximation of the decisions.It shortens the computing time and provides an effective tool for knowledge acquisition in criterion based rough set theory. The flow chart of the Algorithm 1 can be designed and it is placed in Figure 1 .
Analysis to Time Complexity of Algorithm 1. Let I ⪰ = ( , ∪ , , ) be an ordered information system. = { 1 , 2 , . . . , } is the simplified universe. The number of objects in original information system not being simplified is denoted by 1 . There are condition attributes in ; that is, | | = . The number of compressed decision classes is . We take a variable to stand for the time complexity in an implementation. In the next, we can analyze the time complexity of Algorithm 1 step by step. The time complexity to simplify the original information system is 2 1 for any two objects being compared and is denoted by 1 = Classify by every single criterion and store them in separate matrices.
Is the system consistent?
Terminate the program.
Sort and output all reductions.
Temporary storage of consistent sets.
Whether B is a consistent set? For decision classes being merged by comparing classes of any two objects, the time complexity is 4 = | | 2 . Now the consistency of the information system needs to be checked by comparing the condition class and decision class of any object. If the information system is consistent, the time complexity to check consistency is | |. If the information system is inconsistent, the time complexity to check consistency is less than | |. Thus, the time complexity to check consistency is no more than | |; that is, it is presented as 5 ≤ | |. Then, the possible and compatible distribution functions can be calculated and the time complexity is 6 = 2 × | |. The time complexity to calculate each of these two functions is × | | and is denoted by 6 = 6 = × | |. The analysis to Step 1 is finished.
For
Step 2, the time complexity to calculate possible and compatible distribution decision matrices, respectively, is denoted by 7 = 7 = | | 2 . Thus, the time complexity to calculate distribution decision matrices is 7 = 2| 2 |. The time complexity of Step 2 is completed.
The first two steps are preparations to calculate reductions. The next Step 3 to Step 5 are the steps which run the operations. There are C 1 = subsets { } and the dominance matrices are with dimensions × . In addition, the representation C is the combinatorial number which means the number of selections to chose elements from ones. We consider that the judgement of a vector if it is zero runs one operation and the comparison of two vectors runs according to the dimension of the vectors. Therefore, the time complexities to compare and with { } , respectively, are | | 2 . And the time complexity to compare every line vector of { } with zero is | |. The possible and compatible distribution matrices are obtained by reassignment values times. And the time complexities to process possible and compatible distribution matrices, respectively, are both . Then, we have that the total time complexity of Step 3 is
The judgement in Step 4 just need to run according to the number of { } and the time complexity is 9 = 2C
1 .
Since we just need to compute the intersection of nonzero 1st order possible (or compatible) distribution matrices, the The Scientific World Journal 7 maximum time complexities can be analyzed in the next steps but not the true ones in computing. Therefore, the maximum time complexity relies on the number of attribute subsets 2 | | . The worst case is that no minimum reduction exists in the information system and all 2 | | subsets are calculated in the algorithm. Thus, the maximum time complexity of Step 5 is
From the above analysis, we can know that the maximum time complexity of the main part in the algorithm (Step 3 to 
Experimental Computing and Case Study
We design programs and employ two cases to demonstrate the effective of the method in the last section. This experimental computing program is running on a personal computer with the following hardware and software configuration. The configuration of the computer is a bit low but the program runs well and fast. It also shows the advantage of Algorithm 1 and the corresponding computing program (see Table 2 ). An inconsistent ordered information system on animals sleep is presented in Table 3 .
The information system is denoted by I ⪰ = ( , ∪ { }, , ), where is the condition attribute set and is the single dominance decision. There are 42 objects which represent the species of animals and 10 attributes with numerical values in the ordered information system. The animals' names are showed in Table 3 and the interpretations of the attributes will be listed as follows. The interpretations and the units of attributes are represented as shown in Table  4 .
By the experimental computing program, the distribution reductions of the system can be calculated and they are represented in the following. The operating time to compute this case is 0.158581 seconds.
The distribution reductions are
And it can be verified by taking the computer as an assistant that the above sets are reductions of the data table. Detailed progress of the verifying are not arranged here. From the results, we can easily see that the reductions studied in this paper are different from the ones approached in [25] , since these reductions are { 3 , 4 , 6 , 7 }, { 4 , 5 , 6 , 7 }, { 6 , 8 , 9 }, and { 1 , 2 , 8 , 9 }. They are different kinds of reductions in ordered information systems and can adapt to different needs in practices. From the definition of different reductions, we can also easily obtain that possible and compatible reductions are usually subsets of distribution reduction. This is not strict and should be studied and verified separately and theatrically . And the work may be taken into account as one part of the future studies in our work.
Finally, we take other inconsistent ordered information system to acquire the distribution reduction, respectively. And the descriptions on the data tables are listed in Table 5 .
From the results in Table 5 , we can obtain that the algorithm and the program we studied in this paper could be effective and useful to acquire distribution reductions in practice. The numbers of objects and attributes can increase the computing time. But the matrices storage has the ability to shorten the memory and computing time. And it can be helpful in research theoretically and it is applicable.
Conclusions
As is known, many information systems are data tables considering criteria for various factors in practise. Therefore, it is meaningful to study the attribute reductions in inconsistent information system on the basis of dominance relations. In this paper, distribution reduction is restated in inconsistent ordered information systems. Some properties and theorems are studied and discussed. A fact is certified that the distribution reduction is equivalent to the maximum distribution reduction in ordered information systems. Theorems on distribution reduction are implemented to create preparations for reduction acquisition and the dominance matrix is also restated to acquire distribution reductions in criterion based information systems. The matrix algorithm for distribution reduction acquisition is stepped and programmed. The algorithm can provide an approach and the program can be effective for theoretical research on knowledge reductions in criterion based inconsistent information systems. Dominance matrices are the only relied parameters which need to be considered without others such as approximations and subinformation systems being brought in. Furthermore, cases are employed to illustrate the validity of the matrix method and the program, which shows that the effectiveness of the algorithm in complicated information systems.
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